Shared Resources, Shared Values?
Ethical Implications of Sharing Translation Resources

Jo Drugan
Centre for Translation Studies
University of Leeds
Leeds, LS2 9JT UK
J.Drugan@leeds.ac.uk

Abstract

The exploitation of large corpora to create and
populate shared translation resources has been
hampered in two areas: first, practical problems
(“locked-in” data, ineffective exchange for-
mats, client reservations); and second, ethical
and legal problems. Recent developments, not-
ably on-line collaborative translation envi-
ronments (Desillets, 2007) and greater industry
openness, might have been expected to high-
light such issues. Yet the growing use of shared
data is being addressed only gingerly.

Good reasons lie behind the failure to
broach the ethics of shared resources. The is-
sues are challenging: confidentiality, owner-
ship, copyright, authorial rights, attribution, the
law, protectionism, costs, fairness, motivation,
trust, quality, reliability.

However, we argue that, though complex,
these issues should not be swept under the car-
pet. The huge demand for translation cannot be
met without intelligent sharing of resources
(Kelly, 2009). Relevant ethical considerations
have already been identified in translation and
related domains, in such texts as Codes of Eth-
ics, international conventions and declarations,
and Codes of Professional Conduct; these can
be useful here.

We outline two case studies from current
industry initiatives, highlighting their ethical
implications. We identify questions which
users and developers should be asking and re-
late these to existing debates and codes as a
practical framework for their consideration.

1 Introduction

Perhaps unsurprisingly, given the diversity of the
industry, use of specialist software for translation
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and localization' is decidedly varied. Only a de-
cade after the creation of the first TM tools, an
overview of the industry in 2000 listed five “most
commonly used” tools (TRADOS Translator’s
Workbench, STAR Transit, Atril Déja Vu, SDLX,
IBM Translation Manager) and five further propri-
etary tools (by Alpnet, Lionbridge, Cypresoft,
Translation Craft, and LANT) (Esselink, 2000).
There were also seven common tools for software
localization (Corel Catalyst, AppLocalize, RC-
WinTrans, Passolo, Visual Localize, Visual Trans-
late, Venona Translation Toolkit) and six propri-
etary in-house tools (by Autodesk, Intel, Lotus,
Microsoft, Oracle and Symantec) (Esselink, 2000).
These tools were all for Windows applications, so
further options were needed for Macintosh.

Since 2000, additional tools have become estab-
lished in the market, including a few Open Source
ones: the ATA currently lists 20.> This diversity
means that TM users have found it difficult to
leverage data across platforms. Organisations like
the Localization Industry Standards Association
(LISA) have developed shared exchange formats
such as TMX’ to address this, but the core design
of the tools, different segmentation rules and an-
alysis processes, and inefficient manual database

! Localization tools are based on TM technology but offer
further functionalities for the translation of software. Esse-
link (2000: 360) explains that “Translation memory and
terminology tools are generally combined in a tool set for
the translation of documentation, on-line help, or HTML
text. Software localization tools are used to translate and test
software user interfaces, i.e. dialog boxes, menus, and mes-
sages.” In this discussion, TM tools will be used to refer to
the broad category of tools used in both translation and
localization.

2 See http://www.ata-divisions.org/LTD/ ?page 1d=89
* Translation Memory eXchange.
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maintenance have all combined to make effective
sharing of data challenging, even if TM owners
were prepared to try. Translation exchange formats
are also relatively recent and not universally ad-
opted. Many in the industry are critical of their
limitations. Kirti Vashee points out that a specifica-
tion like TMX is not a standard unless it is widely
adopted and used. He concludes that “Translation
tools often trap your data in a silo because the ven-
dors WANT to lock you in and make it painful for
you to leave.™

A final significant obstacle to widespread shar-
ing of translation resources has been client objec-
tion. Translation clients have viewed TM content
as their property, pace occasional challenges from
translators, and have typically safeguarded this
content as confidential. Even public bodies have
protected “their” taxpayer-funded translation con-
tent.

There has, however, been significant recent
progress on many of these points. First, large mi-
nable multilingual corpora have been released on-
line. Some parallel multilingual content was al-
ready freely available, e.g. English-French Parlia-
ment of Canada’s Hansard (Brown et al., 1990),
UN texts in six languages (Eisele and Chen, 2010),
Europarl corpus, currently available for MT devel-
opers in 11 European languages (Koehn, 2005).
Since the 1990s, these have been aligned on the
sentence and word levels and used to build data-
driven MT systems. Large-scale statistical MT
platforms like Google still rely heavily on these
freely available parallel corpora.

The use of such parallel resources (those which
are freely available in the public domain) for build-
ing MT systems does not involve serious ethical
issues: all the data are produced using public funds
and from the outset, it is intended they will be
available for everyone to consult and use. Import-
antly, they also do not contain any confidential in-
formation. However, the limitations of such re-
sources are well-understood by MT developers:
they exist only in a very narrow subject domain
and contain very specific language in terms of
genres, linguistic constructions, etc.

Apparently, this aspect (the quality of data used
for training MT systems) is a very sensitive issue:

4 See http://kv-emptypages .blogspot . com/
2010 05 01 archive.html.

Vashee is VP Enterprise Translation Sales at Asia On-line.

it has been shown that Statistical MT (SMT) is
domain-dependent to a much greater degree than
rule-based MT (RBMT) (Koehn, 2010: 61). If an
SMT engine is trained on a corpus that doesn’t
match the domain or genre of the translated text,
then the quality of such out-of-domain translation
is greatly reduced.

Sharing translation resources from a wide range
of text types and subject domains becomes an es-
sential condition for building high-quality SMT
systems. However, this, in turn, requires consider-
ation of a much wider range of ethical and legal
issues, which include but are not limited to con-
fidentiality of data, trade industrial and state se-
crets, and intellectual property rights of translators,
authors and data owners.

The European Union’s move to share substan-
tial TM resources for free from November 2007
went a step further than previous decisions to share
translation resources, in that the data exist across
dozens of languages and in a standard format for
leveraging. Second, an industry consortium estab-
lished the Translation Automation User Society
(TAUS) in 2007, with the aim of meeting “ever-
increasing commercial and societal demand for
translation”. They quickly concluded that “a shared
industry database of translation memories and ter-
minology was needed as a fundamental building
block to support future growth and innovation” and
moved to establish such a resource.® Third, col-
laborative approaches to translation, e.g. shared
on-line Translation Environment Tools (TenTs)
and crowdsourcing, have drawn attention to the
radical potential of shared resources to achieve
translation more quickly and/or more cheaply.

Despite these developments, discussion of ethi-
cal concerns around shared data has been con-
spicuous by its absence in the industry. Where
such concerns have been discussed, it has so far
been around the extent to which translators’ work
is leveraged without their consent or knowledge,
and two potential “threats”: shared resources “pro-
viding the material to improve the quality of MT”
(Bell, 2010), or community translation taking work
from professionals (Kelly, 2009).

Many of the ethical issues here are familiar
from the history of trailblazers like Wikipedia (e.g.
ownership, attribution). They involve legal grey

5 See http://langtech.jrc.it/DGT-TM. html#Download
% See http://www.tausdata.org/blog/about-taus-data
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areas, particularly as translation is affected and
bound by different national, regional and interna-
tional laws. Some of the issues discussed in this
paper, such as translation ownership and rights, do
indeed also have a legal or contractual dimension.
It is perhaps understandable that the industry has
shied away from confronting such complexity. But
this means that users either adopt a naive “Don’t
Ask, Don’t Tell” stance, leaving them at risk of
prosecution (if metadata were used to identify
ownership of TM segments leveraged without
authorisation, for instance); or they are excessively
cautious, passing up potentially valuable and avail-
able data.

In contrast, engaging directly with ethical ques-
tions means that users can share data confidently,
arguing from clearly stated values and precedents
in related fields or debates. If TAUS is correct that
“The Information Age has led to insatiable demand
for translation services that cannot be met with
existing proprietary business models and the ca-
pacity of around 300 000 professional translators
worldwide”,” such informed sharing of resources is
critical.

As an initial contribution to this engagement,
we present below two case studies of current in-
dustry initiatives involving shared translation re-
sources. We describe each in turn, focusing on the
key ethical questions it raises. We selected these
questions with particular reference to relevant es-
tablished codes of ethics and conventions (Ander-
son et al., 1992; ITI, 2010; SFT, 2010; UNESCO,
1976). We conclude by outlining the general ben-
efits of such an approach.

2 Case Studies
2.1  Google Translation Toolkit

In 2005, Google launched a successful on-line
Statistical Machine Translation platform (available
at http://translate.google.com/), which works
(directly or via a pivot language) for 58 language
pairs as of 2010; new languages are regularly
added. Like many on-line MT systems of this type,
Google MT is primarily used in translation for as-
similation scenarios: when MT does not produce
high-quality translation for publication (dissemina-
tion) purposes, but rather generates imperfect but

7 Ibid.

still comprehensible output aimed at understanding
(assimilation) of the translated text. Users are typi-
cally not professional translators who do not know
the source language, but wish to access news,
software manuals, medical forums, etc. in another
language.

Professional translators typically remain uncon-
vinced by claims that such systems could be useful
for translation workflow (especially on-line sys-
tems that lack proper domain customisation, dic-
tionary management and integration with TMs)
(Prior, 2010). Even though there are indications
that for some language pairs (e.g. translation be-
tween closely-related languages) or in certain nar-
row subject domains (e.g. software manuals, de-
velopment documentation), post-editing M T output
requires less effort than translating the original text
from scratch (Babych et al., 2007), it is hard to
demonstrate that the MT post-editing scenario is as
efficient for more general cases. For example,
Guerberof (2009) shows a gain in productivity of
up to 25% if experienced translators post-edit Eng-
lish-Spanish MT for technical texts. However, this
figure cannot be generalised to MT between more
linguistically distant languages, other subject do-
mains or genres.

In the general case it is not possible to extrapo-
late expected productivity increases from auto-
mated MT evaluation scores (such as BLEU), since
calibration parameters of these scores (the slope
and the intercept of the regression line between
human and automated evaluation figures) are indi-
vidual for each combination of translation direction
and the text type (Babych et al., 2005)

It is plausible that for more distant languages or
broader domains, any benefits to professional
translators of using MT are greatly diminished. In
addition, if translators do not have prior MT post-
editing experience, productivity can be much lower
than if they simply translate from scratch. Even
though greater experience can shift the balance in
favour of post-editing, many translators simply do
not try because they do not have time to learn the
skills (something which would not currently guar-
antee an increase in productivity).

To address some of these concerns and bring
MT closer to professional translators’ workflow,
Google embedded their MT engine in an experi-
mental on-line collaborative translation envi-















